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Artificial Neural Network Application for Moisture
Content Prediction of Agricultural Materials Using

Fluidized Bed Drying Technique

Pothong Praneetpolkrang

Department of Industrial Technology, Faculty of Industrial Technology, Rambhai Barni Rajabhat University

Abstract

The aim of this study is to predict moisture ratio of Fluidized bed drying by an artificial neural
network. There are three inputs and one output for the proposed neural network architecture. Besides, the
numbers of neurons in the hidden layer are varied in order to achieve minimization of error prediction by
the artificial neural network. The results from the neural network model will be compared with the
experimental results. The results show that, The optimum structure to predict the corn drying consists of
3-5-1, the transfer functions in hidden and output layer are Tan-sigmoid and Pure linear function. In addition,
the Coefficient of determine (R?) and the Root Mean Square Error (RMSE) are 0.99912and 0.0048 respectively.
For the paddy, the optimum structure to predict the corn drying consists of 3-5-1, the transfer functions in
hidden and output layer are Log-sigmoid and Pure linear function, respectively. In addition, the Coefficient

of determine (R?) and the Root Mean Square Error (RMSE) are 0.99938 and 0.0057 respectively.

Keywords : Fluidized bed drying, Mathematical model, Artificial neural network
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