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Bluetooth Low Power

Piyapong Dangkham
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Abstract

This paper presents the indoor real time localization system (indoor RTLS) with the bluetooth
low power (BLE). There are 2 parts: transmitter and receiver beacon. The BLE receiver is the target to
localize. The process is comprised of 2 steps, range estimation and coordinate computation. In the
coordinate computation, the comparison between the trilateration and the gradient descent is presented.
The result shows that the gradient descent is better than the trilateration. For the initial coordinate in the
gradient descent, this paper uses the coordinate from the trilateration. This technique can decrease the

iterations. It saves the processing time and it can be used in the real time system.
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